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The Real Value of Data for Consumer Products 

Amidst an explosive evolution of data science across all consumer industries, both suppliers 

and retailers are struggling with the issue of data quality and the quest to justify the ROI for 

major data overhaul initiatives globally. 

Even before John Wanamaker, the famous American 

retail magnate complained that he knew half of his 

advertising was successful, but did not know which 

half, the question of data value has been a constant 

problem for the consumer products industries.  

Throughout the past four decades at least, managing 

data has been at the forefront of IT priorities.  

Since Douglas Laney’s breakthrough business book, 

“Infonomics,” the pressure has been on all company 

executives to measure, report and justify the expense 

of acquiring and maintaining the data required to 

perform every function and run the company’s 

processes to achieve financial and market success.   

Gartner estimates that more than $15 million a year is burned on bad data.  In addition, industry 

analysts point to data ignorance as a primary problem, with up to a quarter of the industry having no 

idea what errors they do have in their data.  More than three-quarters of the business executives 

believe that they lose significant revenue due to bad data.  But the problem does not solely rest with 

bad data.  The lack of understanding, heavily siloed data and analytics infrastructures and the lack of 

collaboration and even communication across internal business organizations cause more grievous 

problems yet. 

Beyond the “Big Data” Initiatives 

The pressure of performance on a global scale has seen numerous waves of change in the IT 

organization, running just behind the even quicker pace of technology advancements.  In the early 

2000’s, the term “Big Data” came into being to represent the new priority of making sure the company 

could manage the extreme volumes of data coming in from the factory, warehouse and logistics, 

transportation, financial accounting, order management, procurement, inventory, vendors, point-of-sale 

and syndicated data streaming live, in many cases, into huge data bases.  

Wrestling with these big data projects meant determining the best course of action to take in procuring, 

implementing and maintaining huge databases and data lakes and the equally huge tasks of partitioning, 

distributing and analyzing all that data.  There were no metrics, no standards, no experienced 

references, and seemingly no end in sight in the ongoing cost to meet the exponentially increasing 

volumes.  It was no surprise to see tier one, and many large tier two consumer goods companies 

spending between $10 and $100 million dollars to build a technology infrastructure to handle the future 

intelligence requirements of modern consumer packaged goods.   

Primary, among the myriad of tasks the CIO and CTO took on was the cost justification for this spending.  

For companies that were losing market share, not an uncommon situation for even the largest CPG 

companies, standing before the CEO and board of directors to explain the plan for intelligence and data 
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management became tantamount to life or death decision for the company.  Yet these decisions had to 

be and were made with careers on the line.   

If, then, there is a central figure in the critical task of monetizing data, it is the CIO.  But while the CIO is 

the steward of data purity and integrity, it is the business leader that is now the go-to authority for 

WHAT data is required and HOW it will be used to execute the specific actions of his/her and everyone 

else’s measurement of business process and outcomes. 

Creating the Corporate Infrastructure - The CDO  

For most CPG companies, the past two decades have produced a scrambling of resources to build and 

operate large databases, ingest terabytes and petabytes of data, implement advanced analytical tools 

and create governance around it all.  However, the pace of business has often, and even now usually 

forces a less than controlled process to achieve those goals.  Over the past four decades, the 

responsibility for this effort has fallen on the IT organization, but the renewed focus on analytics and 

data has begun, for many companies to create a specific function to effectively deal with these 

initiatives.  

The senior corporate executive position known as the “Chief Data Officer” (not to be confused with the 

rising position of “Chief Digital Officer”) owes its very origins to the need for a company to assign an 

executive at the highest corporate rank that oversees the management of data and the expansion of 

analytics across the entire business landscape.  Today, CDO’s are working closely with the CIO’s and are 

largely responsible for how a company generates intelligence and drives insightful decision-making. 

Given the fast pace of today’s consumer goods marketplace, that role is more challenging than ever.  

Often frustrated or worse, ignorant of the corporate IT vision and strategy, business organization leaders 

have built independent silos of data and analytics they feel they need to run their departments, creating 

a patchwork of decision processes often unaligned and dangerously inconsistent with other business 

organizations, corporate strategy or even the marketplace.  The resounding outcry among CDO’s, CIO’s 

and CTO’s now is for this practice to end, with a higher priority focus on bringing all data back into one 

single repository.  And it all begins and ends with making sure that the data is of highest quality and 

trust across the entire business enterprise. 

The Metrics of Data Initiatives 

What this brings to the forefront is the critical importance of having a set of metrics that can be 

measured both in advance of and upon completion of a major data management or, if you prefer, data 

overhaul initiative.  It is more than justification; it is a quantitative approach that can become a standard 

against which any company and every project can be measured.  Today, there are many different 

metrics, especially across and specific to individual business operating units.  However, it is NOT an 

apples to oranges comparison, and we believe that companies need to do all they can to determine 

value propositions for any size or complexity of data initiatives. 

In reality, being able to pin a particular objective or goal attainment to a specific data metric is extremely 

hard to do.  In the example depicted in Figure 1, ensuring quality and trusted data certainly leads to the 
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final desired goal of corporate stock value; however, at 

each level of functional process performance in 

between, the variables are significantly impacting the 

overall metric.  In other words, you may already have 

the highest quality, most trustworthy data available, 

but any system or function impacted could leverage 

that data incorrectly, or inappropriately, or fail to even 

use the data, resulting in errors, omissions, inaccurate 

calculations or other failures that skew the data and 

impacts the ultimate results accordingly.   

So, before we can do any back-patting for successful 

data quality transformation, we have to ensure that 

the entire infrastructure of applications and process 

measurements also accommodate the data metrics 

and are measurable.  Using the example above, trade 

promotion, we have seen for decades efforts of 

consumer products manufacturers who have struggled 

with attempting to eliminate the awful historical 

record of efficiency and effectiveness in trade 

promotion planning, execution and performance 

achievement.  Implementing new TPM systems, 

layering on analytics tools and reengineering retail 

execution have done little to improve the results of key performance indicators we associate with trade 

promotion – promotion ROI achievement, shelf stock conditions, compliance failures, settlement errors 

and so on.   

One example we have seen in many cases is where the application used to manage, plan and execute 

trade channel promotion fails to have sufficient data granularity to enable more effective or even 

accurate measurement of performance.  The most effective individual “tactic” or activity that is used by 

retailers in their promotions is a temporary price reduction, referred to in 

the industry as a “TPR.”  For years, trade promotion systems have labeled 

any pricing action as such – a “TPR.”  As more CPG companies are 

beginning to transform their data and use more sophisticated promotion 

planning tools that leverage machine learning to “optimize” or improve 

the promotion plan, there is growing frustration with the results, and too 

much blame cast on the AI-driven algorithms that are written to produce the “optimized” combination 

of tactics to produce the desired ROI outcomes.   

If a promotion run last year produces a spectacular ROI (200+% of spending is not uncommon), naturally 

the key account manager will want to duplicate that success in his or her upcoming annual promotion 

plan.  But after a copy/paste process (common among promotion planners) fails to produce a result that 

is as successful, distrust, confusion and blame begins to set in.   In most cases, the reason for this is that, 

while both promotions featured “TPR” tactics, labeled as such in the TPM system, the specific price 

action for the prior year TPR was a “Buy one, get one free” promotion, and the current year’s promotion 

with identical terms including the TPR, was actually a smaller discount by unit – far less attractive to the 

consumer.  Without the ability to capture the detailed definitions of a “TPR” in the TPM systems, the 
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planner will never know, and the retailer may not make the distinction in tactics an important issue to 

the key account manager.  

If a data transformation project does not include a deep review of capabilities across all systems, 

solutions and applications that use the data, there is a higher risk of failure and certainly an outcome 

that will not earn the implementation team kudos by the CEO and CFO.  This example is indicative of 

how and why data ROI metrics are difficult to measure and especially how important it is to ensure that 

operating systems that leverage this data are fully vetted for their own capabilities of data management 

including sufficient granularity in data capture to assure effective tracking and measurement. 

Strengthening the “Spokes” 

As with any wheel, the strength and durability 

depend on the spokes.  If the effort to improve 

the quality and trustworthiness of the data hub, 

the value of the entire operation (the “wheel,” 

in this case supported by the individual 

functional processes) depends upon not only 

ensuring the integrity of data itself, but how it is 

used and aligned across the entire set of 

enterprise “spokes.”  Moreover, the ultimate 

value of the data use cases will depend upon 

each other’s sharing of and/or collaboration 

between each functional process spoke. 

With siloed data and analytics, especially 

managed independently of each other, CPG 

companies continue the age-old quest for the 

“one version of the truth,” only to fail and 

ultimately limit the company’s ability to be as 

successful as it could be. 

In figure 1 above, we used promotion to 

illustrate how the data infuses each level of a 

functional process with intelligence and insights to drive optimum performance incrementally and up 

through each tier toward contribution to the corporate success.  The measurements vary with 

functionality, however, each individual tier of functionality impacts performance both vertically through 

the individual functional “spokes” and horizontally across functional processes to ensure smooth, 

consistent and aligned performance.   

Most CIO’s are completely aware of the problems that arise from siloed databases and analytical tools; 

but, they are often at the mercy of the business leadership across each of these internal operating 

organizations – many of whom are applauded for their independent “entrepreneurial” thinking and 

action.  Further discovery and examination of issues, problems and concerns around data quality and 

unified infrastructure uncover common causal factors: 

▪ Lack of sufficient governance to data access and usage – Without defined rules for data access 

governance, operating business units are often free to ignore the data in the hub and build their 

own data sets, even though in many situations, the independent data is often more effective, 
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accurate and useful.  Still, it renders the primary corporate data hubs ineffective and severely 

unaligned.  It also often builds unfortunate animosity between the business and IT. 

▪ Independent data sourcing and maintenance – Business leadership often conducts their own 

data selection initiatives that fail to unify and consolidate with other operating units or the 

primary IT data hub.  With the justification of needing specific data to execute their respective 

functions (i.e. social media access, shopper traffic, consumer survey data, etc.) without 

conferring with other business leads that could take advantage of the same data or the IT 

organization responsible for housing all data in the hub. 

▪ 1Failure to acquire the right data – Due all too often to siloed operating units where 

communications and collaboration are rare or nonexistent, business leaders can easily be 

ignorant of data availability that could mean the difference between success or failure, thereby 

running their business using less than adequate avenues of insight and intelligence.  A good 

example of this is where companies often fail to leverage customer call center and/or technical 

support to provide a more effective future product design or to provide direction for future 

promotional campaigns.  

Modern initiatives to improve the quality of 

data differ from the “Big Data” initiatives of 

the past two decades in two significant ways.  

First, as opposed to the former “Big Data” 

projects that were focused primarily on the 

hardware and software to manage the data, 

a modern data project focuses more on the 

quality of the data itself. Emphasis is on 

accuracy, trust and usability. This is not to 

say the former big data projects did not 

address these issues, but more 

appropriately, less time was expended on 

the quality and purpose of the data that the 

massive efforts to build the database 

technology – whether in the cloud or on 

premises.   

Second, there is a growing focus on 

corporate infrastructure through and around 

which the data moves and is applied to 

running the business. This is where the 

metrics of the hub and spoke are applied and 

the results are measured against the cost of 

the overall initiative. 

In the wheel diagram above, consider that 

each of the spokes present their own 

individual issues, problems and concerns 

when it comes to evaluating the existing and 

planned infrastructure required to execute 

 
1 Figure 3 graphic courtesy of Retail Velocity, Inc. 
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the respective business plans and operational nuances of specific operating units.  Truth be told, we are 

most likely only scratching the surface of building a future set of cross-organizational metrics that would 

consistently use the data to optimize performance, whether it is ensuring a happy and informed 

employee universe in HR or producing consistently high ROI for channel promotions – and knowing 

WHY, HOW and WHEN to leverage the data to continue high output and success. 

The Data Value Vector 

A vector is defined in two ways: (a) a line or element of a direction, and (b) the act of forcing an object 

toward a defined point.  Measuring data ROI is both a defined direction or vector toward achievement of 

a specific objective, goal or destination, and the action that positions the right data elements to deliver 

insights and intelligence required to achieve those objectives and goals that define success.   

Returning to the wheel in figure 2, the process of determining the vector we need to lay in as a course of 

action requires a thorough examination of each of the functions across and within each of the “spokes” 

so that both the vertical and horizontal use cases are compared and factored into the definition of the 

roles and provisions of intelligence each data element has.  For instance, if, in the above case study in 

figure 3 the supply chain management team wants to ensure that the baseline used to drive the sales 

forecast and subsequent promotion plans is both accurate and aligned with what the retailer is actually 

reporting in daily POS, the two functions will be required to use the same data element.   

This is often not the case in most CPG companies because demand planners typically leverage 

syndicated data providers’ POS data which does not represent each individual store location, and is 

often averaged across selected markets, resulting in good, but not 100% accurate data.  This is the “level 

playing field” that is unfortunately the venue for virtually all CPG companies.  Yet there is a growing 

trend to include eventual promotion POS results as a component of the key account manager or sales 

rep’s compensation, so the end results are now beginning to be challenged by the sales account 

managers in a far more aggressive manner, especially if it impacts their compensation.  Aside from that, 

the data is weeks latent, and this disables the ability to react quickly to consumer activities, store 

conditions or social sentiment. 

An audit of data use and organizational business requirements should include, at least, the following 

questions: 

1. Are you using the same data to determine the same business questions? 

2. Is that data commonly available to each operating business unit? 

3. What is the impact across operating units to decisions and results that have mutual ties or 

potential to support or counter ultimate results? 

4. What barriers are in place that restrict mutual usage of the same data elements? 

5. What metrics are in place to ensure an aligned result across business organizations? 

The most effective way to answer these questions will be to bring the leaders and key stakeholders in 

the business groups to a formal journey mapping or design thinking workshop that is not afraid to dig 

deep into the operating technologies, work habits, functional processes, team mindsets and other 

variables of operations.  These sessions should also be phased to enable inter-team groups first, with 

the selection of representatives (perhaps the team lead and representatives from the core unit), then 

convene a broader group workshop with the leads and their representatives from allied business 

operations.  This will ensure smooth and comfortable safe environments with the strategic and tactical 

intentions driving the larger group behavior and domain knowledge dynamics toward a unified and 

aligned vision and mission.   
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Any current Design Thinking or Journey Mapping format will be sufficient for this process.  However, 

experience teaches that there is no way a critical discovery audit and analysis of data quality and use 

case application for modern CPG data can be done in a short period of time or even one extended 

workshop. The history of siloed databases, analytics and ideologies within the multiple business 

organizations of a CPG company are as varied as there are separate organizations.  The effort has to be 

threefold: (a) understand the data availability and usage requirements, (b) define the requirements, 

sources and use models of data that will drive the achievement of objectives, and (c) create the matrix 

of metrics and measurements that directly relate to the value of the data. 

To cover the breadth and depth of the company’s infrastructure, there will be a need to be multiple 

workshops with a single goal of producing a plan with a set of metrics that enables bottom up 

measurement of data usage and results while, at the same time, enabling efficient top down direction 

that impacts execution for any one or more operating units. This allows sufficient input from all 

operating business functions within logical and manageable formats that are aligned to the overall 

metrics and assures more open and collaborative intelligence.  If done properly, this process achieves 

the objective of covering the full range of data use case measurement with the end goal of ensuring 

rapid adaptation to future changing consumer and market 

conditions with an infrastructure of consistency and 

unification that preserves a cross-organizational 

measurement of value and ROI. 

The Data Value Vector Decision Workshop 

Before scheduling the workshops, a full data discovery and 

audit is required.  This not only serves the purpose of 

identifying all of the data, sources, and organizational 

usage practices, but it gives the workshop facilitation 

team the opportunity to work within each area and create 

strong relationships that will be required as the process 

moves forward.  It is also an opportunity to learn of any 

external or siloed databases and/or analytical practices 

that are carried out apart from the internal IT-led 

database management or a key third party vendor that 

would need to be included in the discovery. 

Once this discovery and assessment is concluded and there is a basic understanding of the data and use 

cases, the workshop facilitators can build a strategy and formulate the content and flow of the 

workshops.  As the data and use cases are compiled, the facilitators will need to pay close attention to 

the cross-organizational usage of similar data, as it would be wise to include organizations that use the 

same data in one of the first level workshops – especially where the company is smaller and personnel 

are more familiar with each other.     

Throughout the discovery process, there is a mandate for openness and transparency between the 

workshop facilitators and data consultants and the operating functional business teams. 

The most important theme throughout is to ensure that the consumer is the primary focus – even for 

activities that are not directly impacting retail consumer and shopper engagement. If the eventual value 

proposition is to serve the consumer better, each data use case should support in some way the 

eventual capabilities necessary to be the first choice of shoppers through whatever channel they use. 

Figure 4
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As the workshops are held, data from each workshop is compiled and used as the topic content for the 

next level workshops with higher ranking participants, including overlapping business leaders and key 

executives from earlier workshop groups to ensure consistency and continuity.  These workshops will be 

a duration of one day each to minimize the disruption of time and focus, but will thoroughly cover the 

end-to-end data catalog to ensure every criteria for data and use case coverage situation is met and 

accounted for. 

Once the entire database has been reviewed, use cases identified, and metrics established through the 

workshop process, testing can begin to evaluate and model data measurement values.  As this is done 

and validated, there will emerge a more unified and accurate model around data that will be a 

consistent metric and account for new data and changes in existing data. 

Controlling the Data Value 

There are two primary objectives of knowing the true value of the data that a company acquires and 

manages.  The first objective is to know the cost to acquire and maintain the data.  The second is to 

know the end performance variable produced by the impact of the usage of the data. 

The cost to acquire and maintain is far easier to get to and a figure most companies can come within a 

high percentage of accuracy to measure – even for data acquired separately by the operating business 

units.  Maintenance of the data typically involves the level of work required to update the data on an 

appropriately frequent basis.  For example, for many of the large mass merchandisers and national chain 

stores, the cost of point-of-sale data is a known factor as is the cost of ongoing maintenance of software 

and hardware required to ingest, clean, harmonize, and store the data.  That data could be weekly or 

daily as an overnight upload basis and has to be attended to automatically or, in many IT shops, 

manually exhausting internal resources.  The cost of internal data, primarily transferred to a central data 

lake or database is also easy to get to and includes the human resource costs as well as storage, ETL/API 

maintenance or development, and any customization of the data when called for or required.  

Internal data from ERP systems, supply chain, manufacturing, procurement, shipping, and other sources 

are, of course going to be included in the assessment.  Where there are customizations and other 

changes that impact the data quality, those will be considered as well. 

The end performance variable costs are a primary factor in being able to determine true ROI value for 

data.  This set of calculations will be plugged into the formulae that are going to derive the final figures 

of value, and can be highly controversial, political, and outright challenged.  Many executives feel that 

any such calculation is, at best, subjectively arrived at.  The most important work of the Data Decision 

Vector Workshops is to work toward elimination of that uncertainty, doubt and disagreement in both 

HOW the numbers are calculated and WHAT the end results are.   

Not only is it critical to understand the end performance costs, it is also important to understand the 

impact to any change that is made and/or external factors that might disrupt the normal achievement of 

results.  For instance, the fluidity of the ebb and flow of consumer response to the various stimuli 

created by promotions, environmental conditions, weather, competitive actions, economic or seasonal 

events, and most certainly major disruptions like the recent global coronavirus Covid-19 pandemic can 

easily render any feeling of consistency totally unreliable.  Each variable will need to be measured and 

compared to begin to build a firewall of intelligence that enables at least a better-than-nothing impact 

factor that can be applied quantitatively to the end performance variable calculations. 
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The point is to ensure that there is a path to generating a quantifiable and increasingly trustworthy ROI 

figure.  It cannot be a hard and fast number that is used in all cases, but more of an intelligent variable 

that can be automatically or manually “plugged in” to the ROI formulae when necessary.  Even if the 

standard measurements are used to produce a data ROI figure, certainly adding the right “asterisk” to 

the result to indicate where abnormalities exist (like the virus quarantine) is a more effective way to 

view the end result. 

 

In the case study above, a CPG company with a rapid growth rate in a growing category of healthy foods 

and snacks found that even in a relatively small company environment, the problem of data quality costs 

them millions annually.  The “entrepreneurial” environment pushed by upper management on to the 
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business leaders resulted in independent decisions that created numerous siloes of analytical tools that 

often generated individual databases that were not part of the corporate data management 

infrastructure.  From a sales and marketing standpoint, business teams were operating with data that 

was often unaligned with and even in direct conflict with data used by other siloed operating units. The 

resulting impact on the company’s costs and bottom line were unknown because they were never 

measured.  There were no metrics because there was limited awareness among the teams from sales 

and marketing due to lack of communication and the virtual non-existence of collaboration. 

The above case study began as a six-month proof of concept with ongoing analysis of performance, data 

costs and resulting bottom line contributions. The results after a full year of operation reflect a much 

smarter operational environment with sales, marketing, supply chain and finance organizations all 

working from the same data lake, using the same metrics and having maximum visibility to consumer 

engagement across all sales channels.  In addition, the near real-time view of promotional results (as in 

the case study in Figure 3) enabled the company to be more proactive with the retail channel and 

virtually eliminate out-of-stock problems that were primary causal factors for promotions to fail. 

The Cost of Data (COD) 

In Figure 6 we show the high level view of the flow of cost calculation for data.  While this may appear 

simple, it is far from it.   

As the operating business units execute their respective tasks and functions, their use of data varies with 

the nature of their day-to-day business plans and operations, even when they use the same data.  

Demand planners will use much of the same data to create the baseline forecasts that the sales account 

planners use to configure trade promotions, but the end state of their work will generate unique and 

different objectives with different definitions of contribution to the corporate success.  Demand 

planners will want their baselines to depict the accurate picture of demand across all 52 weeks in the 

year and relate to the sales and operations plans that determine how much product to build and move 

through the supply chain.  The end state of a promotion is going to generate specific levels of volume of 

product sales, revenues and profitability.  Yet both metrics combine to contribute their share of the 

quantifiable level of success. 

This is the essence of determining the true value of the data.  Experience tells us, through millions of 

hours of trial and error, case studies of corporate success and failure, and demanding class of consumer 

that there must be an accountability for the cost of acquiring, employing and measuring data to achieve 

performance objectives.  Further, through multiple analysts’ reports and papers on the effect of bad 

data, no data or the wrong data, we know that this is a huge cost to the corporation and a definite risk 

to corporate success and survival. 
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Leading companies are finding that they must take the steps and execute the initiatives to know the cost 

of data at every juncture of business operations and to develop the infrastructure to support an end-to-

end metrics and measurement system to not only continually monitor data use and calculate the 

contribution each data element delivers, but to be able to build in the internal visibility to the functional 

delivery of each piece of data used across every business organization. 

Getting to a well-organized project that can uncover data use and determine the costs and subsequent 

measurable value must be the highest priority of every company’s strategic mission. 

Seeing the tremendous costs associated with bad data, incomplete data and the inability to measure 

performance across operating business units, it is no surprise that the quest for ROI on data is now a 

high priority among the global CPG industry.  With the recommendations in this white paper, and a 

concerted effort within each company to build an infrastructure and business ecosystem to support a 

culture of measurement and collaboration, finding and managing the ROI on data is a mandate for 

future success with consumer engagement and corporate operational efficiency. 

 

 

Rob Hand is the CEO  
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BUSINESS & OPERATIONS DATA FLOW
Measuring the Cost of Data (COD) and Audit the Ongoing Use Case Performance

Establishing the metrics of the “Cost of Data” (COD) will be a continual function for any company wanting to 
ensure data quality and trustworthiness.  Building an infrastructure of metrics is becoming one of the highest 
focus areas for any company selling consumer products through retail, wholesale and distribution channels. 

Figure 6


